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1. Introduction 

This technical report explains the complete thinking and process for creating business 

intelligence solution for New York City taxi operations. The complete architecture starts 

with defining the business vision and then followed by setting up a Datawarehouse in SQL 

Server Management Studio (SSMS). We then use raw data and perform ETL on it using SQL 

Server Integration Service (SSIS) to fill up the Datawarehouse. Finally we use SQL Server 

Reporting Services (SSRS) and Tableau to generate visualisations and reports. We also then 

use the Chinook sample database (Rocha, 2024) in Neo4j to compare differences between 

graph and relational databases. 

The data source for this assignment is the NYC Taxi and Limousine Commission's Yellow Taxi 

Trip Records, specifically for January 2024 data which has more than 2.8 million trip records 

(NYC Taxi & Limousine Commission, 2024). The dataset provides a complex, real-world 

business situation which is great for showing data warehousing and analytical skills. 

1.1 Reasons for Selecting Subject Area and Data 

The NYC Taxi industry was chosen because it is a real-world dataset and the amount of data 

it provided would give us great analytical potential. There were several other factors also 

that supported our choice: 

• Data Complexity: Multidimensional data like temporal, geographic, financial and 

other operational data for advanced analytics. 

• Many different stakeholders: The taxi industry provides different values to many 

different stakeholders who need specific analytical information. 

• Real-world impact: Provides actual insights that can be used to implement changes 

in real-world. 

• Data quantity: The dataset has more than 2.8 million rows which is really good to 

show ETL and reporting skills. 

1.2 Vision and Goals 

Business Vision: To help improve NYC taxi operations using data driven analysis of 2.8+ 

million trips. This will help in optimizing fleet utilization and improve earnings of the drivers. 

This will also help in developing a strategy to allocate resources properly to meet demands 

in all of NYC's 266 service zones. This assignment will help to find best ways to operate by 

using evidence based decision and specific insights for different stakeholders. 

Objectives: 

• Operational Performance: Optimise fleet usage and driver productivity. 

• Financial Performance: Analyse revenue flow and see profitability across different 

locations and time. 

• Customer Experience: Analyse customer usage patterns to provide better service. 
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• Compliance Regulation: Regular reporting to make sure all everything is in 

compliance 

Expected Business Transformation Outcomes: 

• Increase in revenue by optimizing driver schedules and route efficiency 

• Reduce operational cost by vendor management 

• Improved customer satisfaction 

• Compliance issue Risk mitigation 

1.3 Key Stakeholders 

The complete solution provides answers to stakeholders at different levels like operational, 

strategic, executive levels. 

Operational Level Stakeholders: 

• Operations Manager- performance of vendors and resource optimization 

• Shift Supervisor- hourly/daily performance monitoring for scheduling optimization 

• Customer Service Manager- customer satisfaction (number of tips), other service 

metrics 

• Driver Relations Manager- driver earnings and driver deployment optimization 

Strategic Level Stakeholders: 

• Business Analyst- operational insights, geographic efficiency 

• Technology Manager- Improving payment infrastructure  

• Revenue Manager- Improving profits and financial assessment 

Executive Level Stakeholders: 

• C-Level Executives- Strategic trend analysis, daily performance KPI’s 

• General Manager- Full operational information for strategic planning 

1.4 Business Requirements 

Functional Requirements: 

• Full data integration: We would need to combine data from multiple sources for 

complete operational visibility. 

• Multi-dimensional analysis: The architecture should support analysing over time, 

geographic locations and finances. 

• Reporting: Provide detailed operation summary reports and executive dashboards. 

• Interactive analysis: Provide dynamic dashboards for enhanced data exploration. 

Expected Business Insights: 

• Identifying which locations and time generate most revenue and decide how to 

maximise profit. 
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• Improve how resources are used and optimize shifts to reduce operational costs and 

proper vendor management. 

• Improving service levels for customer satisfaction. 

• Identify and mitigate any revenue risks, any operational risks and violating 

compliance. 

2. Schema 

2.1 Data Warehouse Schema Design 

The Datawarehouse implementation follows a star schema architecture for providing good 

querying performances. The schema design is centred around a single fact table which is 

then surrounded by multiple dimension tables all linked via foreign keys (Fig. 1).  

 

 

Figure 1: NYC Taxi Star Schema 

 

Core Schema Components: 

FactTaxiTrip- The central fact table has all the 2.8+ million records of individual taxi trips 

connected to other tables using foreign keys. The fact table stores both additive data like 

TotalAmount, TipAmount, TripDistance and non-additive data like PickupDateTime, 

DropoffDateTime for time analysis. 

DimDate (33 rows)- Contains all date hierarchies for dates from 1 – 31 January, and 31st 

December and 1st Feb for handling edge cases 

DimVendor (5 rows)- The Taxi vendor information including official codes 

DimLocation (266 rows)- NYC zones with borough classifications  

DimPaymentType (8 rows)- Payment method classifications as mentioned on NYCTLC 

website. 
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Key Design Features: 

Role-Playing Dimensions: The DimLocation table is used for both pickup and drop-off 

location by separate foreign key relationships. This helps reducing storage, and we don’t 

have much data duplication while also maintaining analytical flexibility. 

Computed Columns: “PickupHour” is calculated and persisted in the fact table. This helps in 

removing any extra calculations we might need while creating reports. Also improves query 

performance for time-based analysis. “IsWeekend” and “IsAirport” also help in making it 

easy while providing information for weekend trips or trips to and from airports. 

 

2.2 Reasons for Design 

Dimensional Modeling Methodology  

The star schema follows Ralph Kimball's dimensional modeling approach. It was specifically 

chosen because of how easy it is to use and also provides very good query performance. 

This methodology focuses on the Datawarehouse being understandable and fast but does 

impact the storage size. 

Performance Optimization 

One of the benefits of star schema is that it is denormalized which means less JOIN 

operations and faster query execution. This is important for fast reporting and dashboard 

performances. Since there are more than 2.8 million rows, we used indexing to make 

querying faster. We also used proper data types like DECIMAL for financial calculations and 

DATETIME2 for proper timestamping. 

Role-Playing Dimensions 

Using a single DimLocation table for both pickup and dropoff locations is done by almost all 

of the real-world Taxi schemas. This helps to reduce storage and data/table duplication. This 

also makes the ETL process more simple without sacrificing analytical capability. 

Business Alignment 

The star schema also aligns with the business requirements as it helps different stakeholders 

to understand the data without much technical database knowledge. The structured design 

also makes it easy to combine different business attributes to provide better reporting and 

analysis needed for different stakeholder groups. The structured also makes it easy to add 

more data in the future without needed many changes also reducing risks of any data loss. 
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3 ETL Process 

3.1 ETL Procedure Explanation 

Database Infrastructure Setup 

For setting up the Datawarehouse we had to first define the schema and tables in SQL 

Server Management Studio (SSMS). We then created the “NYC_Taxi_DW” database and 

creating a schema “taxi” to save the tables. 

The next step in the process was to define the table structures for all four dimension tables 

and the central fact table. This also included defining primary keys, foreign keys, data types 

for all columns, to make sure there is no issues in data loading. Since there would also be so 

many rows in the tables it was also necessary to do some indexing to improve query 

performance. All table creation scripts can be found in Appendix C. 

ETL Architecture Overview 

The Extract, Transform, and Load (ETL) process was done using SQL Server Integration 

Services (SSIS) to efficiently load the NYC Taxi dataset into the Datawarehouse. The ETL 

steps we used combines doing some basic Execute SQL tasks with Data Flow tasks for more 

complex transformations. 

The SSIS package follows a proper sequence to keep data integrity and optimize efficiency: 

• A temporary SQL task was added in the beginning for clearing existing table data to 

prevent any errors in inserting data as the whole process would be run again and 

again during development. 

• Next we load up the dimension tables in the correct dependency order. First, 

inserting values in the Vendor and Payment dimension tables, followed by creating 

the date dimension table. 

• This was followed by data flow tasks for loading raw data and doing required 

transformations and then writing to database tables for the location dimension and 

main fact table. 

• Last step was to validate the data and ensure no errors in data loading by running 

some scripts to check all values, the row counts etc. are as expected. 

Data Flow Process Description 

Static Dimensions (vendor and payment type) just used simple insert statements using 

“Execute SQL tasks”. The data for these tables was defined on the NYC taxi website. The 

date dimension table was generated programmatically to cover all dates from 1st to 31st 

January and 31st December (trips would start late at night and end on 1st Jan) and 1st 

February (trips would start late at 31st Jan and end on 1st Feb) as well. 

The data flow task for loading location dimension was also pretty straightforward with only 

requiring easy derived columns generation for “IsAirport” and “TrafficDensity” columns. 
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The main fact table data flow was a bit complex with multiple derived column generations 

for handling of null values, conditional splits to only include any dates between 31st 

December and 1st February to make sure there are no extra data that might have been in 

the raw data for other timelines and finally data type conversion before mapping all the new 

columns to the final database table. All of this also helped in making sure data quality had 

no issues. We successfully setup null checks, data conversion for proper data storage and 

conditioning for only the data we actually need. 

3.2 SSIS Workspace Screenshots 

 

Figure 2: Complete ETL package control flow showing sequential execution of dimension loading followed by fact table 

processing 

 

Figure 3: Detailed data flow transformation for location dimension, including source file reading, derived column 

transformations, and destination mapping/ loading. 
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Figure 4: Detailed data flow transformation for main fact table, including source file reading, derived column conditional 

splits, data conversion, and destination mapping/ loading  

 

3.3 ETL Challenges and Solutions 

During initial implementation, a column mapping issue was noticed where TotalAmount and 

TipAmount were mistakenly swapped in the OLE DB Destination task. This resulted in very 

strange average fare calculations ($3.42 instead of expected $15-30). To find this issue out 

we created SQL scripts that we ran in SSMS and compared them with what the raw data 

should be and then saw the mapping issue. To prevent any issues like this further we added 

in more data validation scripts which we ran in the end. 

We also noticed that often the OLE DB Destination task would end up failing which was due 

to improper null value handling which we then used derived columns to handle in the data 

flow task. 

Example Null value handling transformation 

CleanVendorID => ["VendorID"] == "\\N" ? "99" : ["VendorID"] 

We also did Batch processing with 10,000-row batches to balance memory usage and 

processing speed to handle any computational issues with our systems. Fast Load options 

was also enabled for bulk data insertion operations. 

This whole ETL process was able to successfully process 100% of the raw source data and 

also making sure data quality standards are maintained and all data loads as expected. See 

Appendix D for complete ETL implementation details including SSIS package configurations 

and transformation details. 
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4. Visualizations and Reports 

4.1 Tableau Visualizations 

4.1.1 Business Requirements 

Trip Volume Analysis 

Fleet managers need to understand properly the demand trends in a full day or week. This 

helps them identify peak times, quite times and any weekly variations to help decide how 

many drivers should be out and when. 

Payment Method Preferences for Infrastructure Planning  

The technology managers needs to understand which types of payment method is the most 

famous and in which area to help them decide how and what to invest in to make sure 

customers are able to pay with their preferred method 

Trip Duration Analysis for Service Level Management  

The customer service teams need to understand the duration of a trip which would help 

them improve operational efficiency and set achievable expectations. 

Tip Analysis for Driver Optimization  

Driver relations managers can find out customer from which areas tip better so they can 

allocate drivers In particular locations accordingly to maximise their earnings. 

 

4.1.2 Visualizations 

Visualization 1: Trip Volume Patterns Analysis 

This is a dual axis chart (Fig. 5). On top is the multi-line chart that shows number of trip by 

hour of day on each day of the week. The bottom chart is a filled line chart that just shows 

number of trips at each hour of the day (irrespective of day). 

Key Insights: We can see clear patterns that most of the trips are during weekday evenings. 

But on the weekends it is much different. This data can be used to strategically deploy 

vehicles and adjust shift schedules accordingly to match the demand during the week. 
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Figure 5: Trip volume patterns by Hour and day 

 

Visualization 2: Payment Method Preferences by Borough 

The stacked vertical bar chart shows the different payment methods distribution by the 

different boroughs of NYC (Fig. 6). 

Key Insights: Staten Island shows much higher cash usage than Bronx, Manhattan, Brooklyn 

and EWR where customers prefer using card much more. This can be used to making 

targeted investments and how to deploy payment systems for revenue optimization. 

 

 

Figure 6: Payment Method Distribution by Borough 
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Visualization 3: Trip Duration Distribution Analysis 

The donut chart provides information trip durations which are divided into four categories- 

Quick: 0-15min, Standard: 15-30min, Long: 30-60min and Extended: 60+min (Fig. 7). 

Key Insights: The trip duration analysis clearly shows that 66% of trips are very quick and 

25% are standard durations in NYC. The chart can be filtered by borough and times of the 

day and this will give specific duration metrics. Stakeholders can then plan accordingly to 

maximise their fleet productivity in each area by deciding the types of vehicles to deploy 

and route optimizations. 

 

Figure 7: Trip Duration Category Distribution 

 

Visualization 4: Average Tip Analysis by Borough 

The Horizontal bar chart shows the average tip amounts by borough. Also shows the trip 

volumes by the colour of the bar - darker the colour, more the trips (Fig. 8). 

Key Insights: We can clearly see a very big geographic variation. Customers going to EWR 

(Newark Airport) tip the most and in Bronx show minimal tipping. This helps in strategic 

driver deployment to improve driver retention by improving their earnings. 

 

Figure 8: Average Tip Analysis by Geographic Area 
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Interactive Dashboard Implementation: 

The dashboard combines all four visualizations with cross-filtering enabled. Hovering on a 

chart also highlights data which helps users to see any relationships between the 

information from other visualisations (Fig. 9).  

 

Figure 9: Tableau Dashboard 

See Appendix A for complete Tableau calculated fields and interactive feature specifications. 

4.2 SSRS Reports 

4.2.1 Business Requirements 

Vendor Performance Monitoring  

Operations manager need to be able to compare vendor performances to decide which 

vendor contracts to renew or change and make sure good service quality at optimal costs. 

Revenue Analysis and Pattern Identification  

Revenue managers need to see how much revenue is generated at what time and day of the 

week so that they can maximise the profits and optimize driver schedules as well. This 

would also help in reducing operational costs by reducing vehicles at quite times. 

Location Efficiency Analysis  

Business analysts need geographic performance to find out trends and optimize routes and 

strategy planning to make sure they are ahead of the competition. 

Executive Dashboard Requirements  

Higher executives usually want to see a summary of the performances and KPI’s to be able 

to analyse data quickly and make informed decisions. 
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Route Performance Tracking 

Financial analysts need detailed information about the top revenue generating routes to 

assess any risks and prioritize accordingly to ensure long-term business availability. 

4.2.2 Reports 

Report 1: Vendor Performance Drill-Down Analysis 

Target Stakeholder: Operations Manager 

Business Value: This is a Three-level (Vendor -> Date -> Hour) drill-down report (Fig. 10). It 

has visibility toggles that lets users expand data to date level and hour level (Fig. 11). 

Stakeholders can compare vendor performance to support data driven contract 

negotiations, vendor management and service optimization as per the trips and revenue 

they generate. 

 

Figure 10: Vendor Performance Drill-Down report 

  

Figure 11: Drill-Down Report Level 2 & 3 
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Report 2: Revenue Matrix Analysis 

Target Stakeholder: Shift Supervisor 

Business Value: This matrix report in Fig. 12 (Day × Hour) helps highlighting peak revenue 

times that can help managers/supervisors allocate drivers accordingly. The darker cells 

indicate higher revenue totals. 

 

Figure 12: Hourly Revenue Distribution Matrix 

Report 3: Location Efficiency Analysis (Parameterized) 

Target Stakeholder: Strategic Planning Manager 

Business Value: The tabular reports (Fig. 13) have multiple parameters like borough, start 

date and end date. This helps provide only specific information from a particular time and 

location. It also has dynamic titles which makes it more easier for user to understand which 

dates and locations the data is being shown for. 

 

Figure 13: Parameterized Location Efficiency Report 
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Report 4: Executive Daily Dashboard with SubReport 

Target Stakeholder: C-Level Executive / General Manager 

Business Value: The tabular report (Fig. 14) provides daily performance summary with the 

first table showing the days summary and SubReport showing top 5 profitable locations. The 

reports are controlled by a date parameter to filter that particular day's summary. These 

help executives monitor daily results and make any quick decisions based on the data. 

 

Figure 14: Executive Summary Dashboard 

 

Report 5: Revenue Analysis (additional report) 

Target Stakeholder: Revenue Manager / Financial Analyst 

Business Value: The tabular report (Fig. 15) shows the top 10 revenue routes to help 

deciding what routes to prioritize and how best to maximise the revenue. 

 

Figure 15: Top Routes Revenue Analysis Report 
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All SSRS reports have been properly formatted and include relevant visualisations that help 

give specific answers to different stakeholders. Full details of the report designs and 

parameter configurations are available in Appendix E. 

5. Graph and Relational Database Comparison 

For graph and relational database comparison we used the Chinook music store dataset 

(Rocha, 2024). It gives us complete relationships between customers, artists, albums, tracks, 

invoices and employees. For comparing the dataset in SQL and CQL, it was loaded into SSMS 

using a script that is available on the GitHub page for the dataset. Individual CSV files were 

then exported from SSMS to be imported in Neo4j Aura Cloud Instance. 

5.1 Neo4j Implementation Details 

The graph schema has 9 nodes (Fig. 16), Track, Genre, Album, MediaType, Artist, Invoice, 

InvoiceLine, Customer, Employee. Unlike relational models which need foreign keys and 

JOINS, graph models have relationships that link all the nodes with each other which makes 

it very flexible. All nodes for our dataset have the following relationships: 

• Track BELONGS_TO Album 

• Track OF_GENRE Genre 

• Track OF_MEDIATYPE MediaType 

• InvoiceLine PART_OF Invoice 

• InvoiceLine CONTAINS Track 

• Invoice PLACED_BY Customer 

• Customer SUPPORTED_BY Employee 

• Album BY Artist 

 

Figure 16: Graph Schema 
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5.2 Comparison to Relational Databases 

 For our comparison we used the below seven analytical questions to write the queries and 

then compared their performances: 

• Top customer revenue analysis – See which customers spend the most for targeted 

marketing. 

• Artist revenue contribution – Figure out which artists generate most revenue to 

deciding who to invest in more. 

• Geographic genre preferences – To identify most popular genres in each country for 

regional marketing decisions. 

• Customer purchase diversity – Check different music tastes of customers for cross-

selling opportunities. 

• Employee performance analysis – Ranking top employees who are performing the 

best and decide how much bonus to give. 

• Artist co-purchase patterns – To identify which artists tracks are bought together for 

bundle strategies. 

• Track recommendations – To identify which tracks are purchased together most for 

recommending more tracks to customers (“Customers also bought...”) 

Importing data into Neo4j took only four seconds while SSMS took double the time to 

import around eight seconds. 

Performance Metrics Summary: Below are the query speed comparisons for both databases 

Query Type Neo4j (CQL) SSMS (SQL Server) 

Top Customers 51ms 2ms 

Artist Revenue 103ms 17ms 

Genre by Country 129ms 13ms 

Customer Diversity 72ms 19ms 

Employee Performance 38ms 6ms 

Artist Co-purchases 403ms 36ms 

Track Recommendations 115ms 102ms 

From the results it is clear that SQL querying was much faster than CQL querying. This is 

because relational databases are better for aggregations (SUM, COUNT, AVG) and multi 

table joins. All the SQL and CQL queries can be found in Appendix B. 
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6. Conclusion 

6.1 Key Achievements 

This assignment successfully delivers a complete data management and analytics solution 

for NYC taxi operations. The implementation helps demonstrate usage of multiple tools like 

SSMS for database setup, SSIS for ETL process, SSRS for quick report generation and Tableau 

for interactive visualisations. 

Technical Deliverables completed: 

• Star schema Datawarehouse with four dimension tables and one fact table. 

• ETL pipeline able to process 100% of raw data with proper validations. 

• Five SSRS reports with drill-down and parameter capabilities.  

• Four interactive tableau visualisations with cross filtering in dashboard. 

• Comparison of Graph and Relational database for Chinook database performances 

using Neo4j and SSMS. 

6.2 Business Impact and Value 

Technical Deliverables completed: The reports and visualisations provide actionable 

insights for transportation operations (NYC taxi) and music retail analytics (Chinook). 

Technical Deliverables completed: The geographic analysis helps identifying investment 

opportunities. The demand pattern analysis provides better fleet optimization strategies 

and evaluating vendor performances help in data driven contract negotiations. 

Database Performance: The comparison of relational and graph database reveals that SQL 

databases are much better for analytical operations. But graph databases are much easier 

to understand and provide better relationship modelling.  

6.3 Future Scalability Recommendations 

The dimensional model and the ETL framework are designed so that they can support 

importing of large amounts of data and any other additional relations without needing 

many changes. This also make it easier to support advanced analytics. 

Future enhancements could also include real time data streaming to allow predictive 

analytics for demand forecasting. 
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Appendix A: Visualization Code 

Tableau Calculated Fields: 

Trip Duration- This is a support field for getting Trip duration categories 

 

Trip Duration Categories- 

 

 

Cross-filtering- 

Clicking on any single (or multiple boroughs) will result in all 4 visualisations to show data 

only for the selected boroughs. 
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Highlighting- 

Hovering over any of the boroughs in either the stacked bar chart or horizontal bar chart 

highlights the specific boroughs in both charts. 

 

Appendix B: Neo4j Code 

Data loading 

For importing data in SSMS, the script available on Chinook datasets GitHub page was used. 

The tables were then exported as CSV’s and then used to import them in Neo4j Aura Cloud. 

The data model was then defined manually by creating individual nodes and defining 

relationships accordingly. 
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CQL Scripts with results 

Query 1 

 

 

Query 2 
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Query 3 

 

 

Query 4 
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Query 5 

 

 

Query 6 

 

Query 7 

 

 



Data Storage Solutions for Data Analytics – CA1  
  

 

26 

SQL Scripts with results 

Query 1 

 

Query 2 

 

Query 3 
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Query 4 

 

Query 5 

 

Query 6 

 

Query 7 
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Appendix C: Data Warehouse Development Scripts 

Fact Table Creation Script 

 

Dimension Table Creation Scripts 

 

Appendix D: SSIS ETL Implementation Details 

Execute SQL task (Clear all tables) 

 

Execute SQL task (Populate payment and vendor tables) 

All values are as provided by NYCTLC website 
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Execute SQL task (Populate Date table) 

 

Load location Data Flow task 

Flat File source – taxi_zone_lookup.csv (Lookup_zone_csv) 

Derived Column (CleanBorough new column) - REPLACE(["Borough"],"\"","") 

Derived Column (IsAirport, TrafficDensity) 

• IsAirport (new column) => FINDSTRING(["Zone"],"Airport",1) > 0 ? (DT_BOOL)1 : (DT_BOOL)0 
• Traffic Density (new column) => (DT_STR,20,1252)(CleanBorough == "Manhattan" ? "High" : 

(CleanBorough == "Brooklyn" || CleanBorough == "Queens" || CleanBorough == "Bronx" ? "Medium" : 
"Low")) 

 

Load FactTable Data Flow task 

Flat File source – yellow-tripdata-2024-01_CLEANED.csv (trip_data_cleaned_csv) 

Derived Column 

• DateID (new column) => (DT_I4)REPLACE(SUBSTRING(["tpep_pickup_datetime"],1,10),"-","") 
• PickupDateTime (new column) => (DT_DBTIMESTAMP2,0)["tpep_pickup_datetime"] 

• DropOffDateTime (new column) => (DT_DBTIMESTAMP2,0)["tpep_dropoff_datetime"] 

• CleanVendorID(new column) => ["VendorID"] == "\N" ? "99" : ["VendorID"] 
• CleanPaymentType (new column) => ["payment_type"] == "\N" ? "99" : ["payment_type"] 

• CleanLocationPickup (new column) => ["PULocationID"] == "\N" ? "999" : ["PULocationID"] 

• CleanLocationDropoff (new column) => ["DOLocationID"] == "\N" ? "999" : ["DOLocationID"] 

• CleanTripDistance (new column) => ["trip_distance"] == "\N" ? "0" : ["trip_distance"] 

• CleanTipAmount (new column) => ["tip_distance"] == "\N" ? "0" : ["tip_distance"] 

• CleanTotalAmount (new column) => ["total_distance"] == "\N" ? "0" : ["total_distance"] 

 

Conditional Split – this makes sure that only data between 31st December and 1st Feb is 

loaded 

DateID >= 20231231 && DateID <= 20240201 
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Data Conversion - this step is to make sure all data types match what was defined earlier 

while setting up tables in SSMS 

 

Appendix E: SSRS Reports 

This section will contain all “design view” screenshots for all generated SSRS reports. 

Drill-Down Report – Grouping done by Vendor name -> Date -> Hour of day 

 
Matrix Report 

 
 

Parameterized Report –  

3 parameters available, start date, end date and borough which also dynamically changes  

the “subtitle” 

 
 

Report with Embedded SubReport – both reports have a date parameter available 

 
Basic Table 
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